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Ribosome profiling (Ribo-seq) is a powerful technique to study translation at a transcriptome-wide level. However, ensuring @ - i STAR
good data quality is paramount for accurate interpretation, as is ensuring that the analyses are reproducible. We introduce a niisc:%% align
new Nextflow'2DSL2 pipeline, riboseg-flow?3, designed for processing and comprehensive quality control (QC) of ribosome pro- @ —0 @ P @ @
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and features version control and continuous integration. It enables users to efficiently analyse multiple samples in parallel and
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helps them evaluate the quality and utility of their data based on the detailed metrics and visualisations that are automatically geﬁniioﬂi’lss gegms
generated. Here we present the primary riboseq-flow data processing steps and a selection of example outputs using public > e
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Per-sample Ribo-seq QC with read-length stratified metrics
Interactive visualization for tracking reads throughout the pipeline
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Fig. 6 Heatmaps showing the count and position of 5’ ends of reads around the start (left) and stop (right) codons of
transcripts. For ribo-seq, it is expected to see the reduction of signal after the stop codon, an accumulation of read
starts upstream of the start codon, and a repeating pattern every 3 nt.
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